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Abstract 

This research report examines the impact of Generative Artificial Intelligence (GenAI) on academic integrity in 

higher e-ducation on a global scale while specifically analyzing professional education in the USA. In this era 

marked by the widespread presence of Large Language Models like ChatGPT, DeepSeek and Gemini, the 

traditional ways of assessment are challenged as never before. This study refers to the literature published in the 

last five years (2021-2026) to assess the pedagogical, ethical, and technical aspects of the use of AI. The analysis 

finds that there seems to be an important change in the "honor code" approach of the traditional system for a more 

complex system that has been recognized as "contract cheating 2.0" and biases of algorithmic detection. Main 

findings include the opportunities that GenAI brings to personalized learning and student productivity as well as 

the need to radically reimagine assessment frameworks. The report presents a comparison of the existing different 

detection methods and draws attention to the potential incompleteness of detection, including the dangers of false 

positives and bias against non-native speakers. Last, it provides recommendation for both the USA Law Schools 

and regulators for a future of "AI Literacy" and pedagogical integrity rather than punishment-based surveillance. 
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1. Introduction 

Research Problem 

Generative Artificial Intelligence (GAI) is in the 

process of revolutionizing education, hence the fidelity 

of academic integrity. The main problem is distingui-

shing between AI-generated work and human work, 

meaning the credibility of both academic institutions 

and degrees is at serious risk. The current rapid 

development of LLMs is fundamentally different from 

the rapid development of technologies in the past, and 

academic institutions find themselves in a position of 

having to react to this technology instead of adopting a 

proactive stance (Mohammadiouno-tikandi and 

Babaeitarkami, 2024). The integration of AI techno-

logies in academic work also means that institutions of 

learning need to reposition their definition of AI-

assisted work and shift their focus away from the 

offensive use of AI. As Gallant et al. (2026) observed, 

students must continue to use AI technologies. 
 

Purpose of the Study 

This research intends to analyze the intersection of 

GenAI with the academic integrity frameworks in 

higher education. This task aims to overcome the 'ban 

versus embrace' dichotomy as much as possible and 

analyze the in-between, how AI, beyond overshadow-
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wing the integrity of education, can help in other 

ways. In the process of constructing a foundation and 

framework for changes within institutions, the author 

intends to merge various perspectives and insights, 

from the technical and practical limitations of proving 

AI, to the social and ethical concerns of AI bias. The 

author intends to identify threats that stem from the 

specific architectural design of AI written texts by 

analyzing different LLMs. Comparisons will be made 

between GPT, Gemini, and DeepSeek. 
 

Research Objectives and Hypotheses 

• To investigate pedagogical implications of 

GenAI on student engagement and higher-order 

thinking skills.  

• To assess the effectiveness of existing AI 

detection systems in terms of fairness.  

• To offer a framework for the redesign of 

assessments, maintaining academic integrity, and 

recognizing the reality of an AI-enriched 

professional world.  
 

Research Questions (RQ) 

• What is the effect of GenAI tool integration on 

pedagogical integrity of students in Higher 

education? 

• How reliable are existing AI detection tools and 

how do existing AI detection tools bias different 

student groups? 

• What could be the next steps in terms of strategic 

review and policy adjustment to guarantee 

academic integrity in the context of AI-enabled 

work forces? 
 

Significance of Study 

The findings of this research are very important for 

managers and administration of the university, legal 

education, and legal policy makers. Students are 

indeed already using GenAI for academic activities; as 

reported by the Higher Education Policy Institute 

(HEPI) on a survey of students for 2025 (Freeman, 

2025; Banu et al., 2025 ), more than half of students 

are using GenAI in their studies, and not always with 

clear guidance. This study adds value to the field by 

providing a critical synthesis of the most recent 

evidence; looking at the requirements of USA Law 

Schools which focus on precision, attribution and 

ethical practice. The results are set to help build "AI 

Literacy" as the core competencies and an essential 

skill set instead of an optional one. 

 

Concepts and Critical Definitions 

Table 1: For conceptual clarity, critical definitions used throughout. 
 

Term Definition Primary Source 

Generative AI 

(GenAI) 

AI systems that can create entities (text, images, code) from patterns 

that have emerged through training with data. 

US Office of Ed Tech 

(2023) 

Pedagogical 

Integrity 

Ensuring alignment between learning objectives, assessment and 

teaching practices and the creation of effective learning. 

Adamakis & Rachiotis 

(2025) 

AI Literacy Understanding, using, monitoring and critically reflecting on AI 

applications without compromising on ethics. 

Adamakis & Rachiotis 

(2025) 

Contract Cheating 

2.0 

Using AI to generate technically original academic writing not written 

by the student. 

Gallant et al. (2026) 

Student Agency Students' ability to reflect and act purposefully in the learning process. Ramezani & Wagner 

(2025) 
 

Assumptions, Limitations, and Delimitations 

Assumptions 

The study makes the reasonable assumption that the 

trend of increasing sophistication in AI reasoning 

toward more humanlike reasoning will persist. It also 

views academic honesty as a collective issue, both of 

institution and student, not necessarily a disciplinary 

problem. 

 

Limitations and Delimitations 

The problem is the field is very changeable, and a 

2024 publication might end up being obsolete in 2026. 

The study is limited to the field of higher education 

and concentrates on text-based generative models and 

their effects on academic writing and assessment. 
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2. Review of Literature 

Theoretical Framework: Student Agency and 

Ethical Responsibility 

This study builds on the theoretical underpinning of 

"Student Agency in the Age of GenAI. In response to 

this discussion, Ramezani and Wagner, (2025) contend 

that GenAI does not deprive students of agency, but 

instead, it redistributes the emphasis of agency from 

"content production" to "curation and critical 

oversight. This view is complemented by McCabe's, 

(2024) decades of study of honor codes that indicate 

that integrity can be promoted by norms of community 

instead of surveillance. We close-read these two 

perspectives. This suggests that the purely technical 

side of the problem of AI cheating will only be viable 

when paired with the strong ethical side of the student-

teacher relationship. Ramezani and Wagner examine 

the student’s motivation; McCabe thinks of the social 

contract with the community of scholars. 
 

Opportunities and Challenges of LLMs in 

Education 

Both Zayoud et al. (2023) and Kasneci et al. (2023) 

paint a relatively comprehensive picture of the present 

day context of the 'opportunities and challenges'. 

Kasneci et al. suggest that AI would lead to 

'personalised tutoring' and 'improvements in 

accessibility'. However, there could also be risks of 

'cognitive offloading' where students might get more 

dependent on AI, which could lead to the neglect of 

developing deep and basic critical thinking skills. This 

tension has been the focus of Ilgun Dibek et al. (2025) 

in a meta-analysis, which indicates a strong focus on 

the role of the scaffolding of the thinking skills of AI 

within a higher order context as offered by the 

pedagogy of the teachers. The combination of the 

three presents a continuum of ‘pedagogical caution’ 
versus ‘techno-optimism’. Whereas Kasneci et al. 

acknowledge that LLMs can have a ‘good’ impact on 

the access to education, Zayoud et al. are more 

cautious about the possible ‘intellectual atrophy’. 
The Impact on Scholarly Communication and 

Writing 

In their 2026 scoping review, Gabay, Funa, and 

Ricafort highlight that academic writing, particularly 

among students, is undergoing a significant transition. 

They describe how Generation AI tools can brains-

torm, outline, and refine academic writing. However, 

the integration of AI in academic writing can lead to a 

surplus of fabricated citations and the absence of a 

“human voice” in academic writing (Nassi-Calò, 

2025). Nassi-Calò offers a harsh perspective on the 

state of academic publishing and the resulting cutting 

of quality among AI-generated “information” and 

what is published and what can be added to the corpus 

of knowledge. This stands in contrast to Younas, El-

Dakhs, and Noor, (2025) who argue that tools such as 

DeepSeek and Gemini, when used properly can 

improve “academic innovation” by enabling 

researchers to process huge amounts of data in a more 

efficient manner than manual methods. 
 

Technological Interventions: Detection and Its 

Discontents 

This literature on AI detection shows a highly 

polarized debate. In their “Heads we win, tails you 

lose” analysis, Bassett et al. (2026) take a more 

cynical view, suggesting that users of AI detectors 

may have a false sense of security, while students face 

pressure for being wrong. Empirically this is backed 

by Dalalah and Dalalah, (2023) who recorded high 

number of “false positive” and “false negative”. 
Another major issue that Jiang et al. (2024) 

highlighted is the “bias against non-native English 

speakers”, that, because of their following the 

standard, less “creative”, syntax for learning English 

language, the patterns in ESL students' written pieces 

are often mistaken for the characteristics of AI-

generated texts. Together this body of work may 

indicate that the current detection technologies might 

be doing more harm than good, leading to a ‘culture of 

suspicion’, where the issues involve mostly 

international student populations. 
 

Institutional Leadership and Strategic Planning 

According to Khairullah et al. (2025), it is 

responsibility to manage the strategic direction of the 

use of AI for integration. They compare this with 

reactive policies, or "emergency-driven policies", 

during the early days of ChatGPT's release. This is 

backed by Abedin et al. (2026) who argue for the 

"systematic pedagogical use" of AI, which goes 

beyond a "culture of suspicion" towards a culture of 

"collaborative innovation. This needs to be a holistic 

approach on the institution in the management 
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structure as well as classroom teaching. The views are 

synthesized to imply that leadership is about creating a 

resilient academic culture, one that can deal with rapid 

technological changes, and one that is "proactive 

rather than punitive". 
 

Synthesis: From Surveillance to Pedagogical 

Integrity 

The literature review indicates a shift from "detection  

based" integrity models to "design based" integrity 

models. This can be summarized as "the state-of-the-

art overview" presented in Adamakis and Rachiotis, 

(2025) in which AI literacy is a part of the curriculum. 

According to the literature, cheating prevention is best 

achieved by rather changing the nature of the 

"academic task" (Gonsalves, 2025) than by erecting 

better walls (detectors).  

 

Table 2: Points out the pedagogical shift that was found in the literature. 
 

Aspect Traditional Model GenAI-Integrated Model 

Focus Product-based (the essay) Process-based (the journey) 

Strategy Surveillance and Detection Literacy and Ethical Agency 

Goal Minimizing Cheating Maximizing Authentic Learning 

View of AI A threat to be managed A tool to be mastered 
 

3. Methodology 

Research Design 

This study uses a systematic literature review (SLR) 

methodology as outlined by Creswell and Creswell, 

(2017). The qualitative ‘meta-synthesis’ approach is 

employed to synthesize the findings presented in 

multiple studies to gain insight into ‘why' and ‘how' 

AI influences integrity. This approach is selected to 

allow for sharing of and reflection on divergent 

viewpoints e.g., technical effectiveness of detector vs 

pedagogy of AI tools. The study aims to provide a 

critical lens of the chosen literature to bring topics and 

themes to the surface that may have been missed in a 

straight narrative review. 

 

Search Strategy and Sampling 

To ensure transparency and replicability, the sampling 

process was based on Prisma, (2020) guidelines (Page 

et al., 2021). The databases Scopus, Web of Science 

and Frontiers in Education were used for the search. 

Authoritative, peer-reviewed literature from 2021 to 

2026 (inclusive) and important policy literature were 

used in the selection. This timeframe allows the study 

to consider the immediate pre-ChatGPT and the 

incredibly rapid development of GenAI. 
 

Inclusion/Exclusion Criteria 

 

Table 3: The thirty references featured at the core of this report are the outcomes of careful deliberation which are 

summarized. 
 

Criterion Inclusion Exclusion 

Timeframe Published between 2021 and 2026. Published prior to 2021. 

Scope Higher Education context. K-12 or corporate training only. 

Focus Focus on GenAI and Integrity/Assessment. General AI or hardware-focused AI. 

Peer Review Peer-reviewed journals or major policy reports. Blog posts or non-verified social media content. 
 

Data Collection 

Data collection was completed using a structured 

‘evidence extraction’ method. Each reference was 

assessed based on their viewpoint on AI detection, the 

AI detection framework they proposed for the re-

assessment of evaluations, and the ethical implications 

of AI detection. Younas et al. (2025) provided a 

benchmarking comparative review for three tools 

(DeepSeek, GPT, and Gemini). This systematic 

approach enabled the drawing of patterns and themes 

irrespective of field, geography, or context. 
 

Analysis of Data 

The primary method of analysis was thematic analysis, 

as per Braun and Clarke, (2023). This involved coding 

and the iterative process of theme development. As 

AI-generated text is used as a research tool in a 

particular area, a manual method was employed that is 
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suited for the interpretation of complex qualitative 

research data and that retains a critical perspective 

(Strydom and van der Merwe, 2025). This method was 

particularly beneficial for identifying nuanced socio-

linguistic biases that are likely to remain undetected by 

automated (socio-linguistic) analyses. 
 

Thematic Findings from the Literature Review 

Theme 1: The Dual Impact on Pedagogical 

Integrity (Addressing RQ1) 

There are stark differences between the efficiency 

improvements promised by AI, versus the educational 

shortcomings from over-relying on AI. Long et al. 

(2026) find that the influence on student engagement 

is "mediated by teaching methods. AI works great as a 

“co-pilot” in brainstorming, but it comes as a problem 

when it is used as a “proxy” for thinking. That's an 

indication that it's not technology's fault but rather that 

the problem may be the "pedagogical vacuum" in 

which it's being used. 
 

Yermaganbetova et al. (2025) present the quasi-

experimental findings of using AI-informed learning 

platforms to enhance “student performance” in terms 

of quality of output. But Bhatia et al. (2026) warn that 

this does not necessarily result in better "critical 

thinking. They contend that even a well-written essay 

on the same topic produced with the help of AI could 

still indicate that a student does not have deeper 

conceptual understanding but merely knows how to 

get the AI to produce that essay. The results indicate 

that the learning objectives should be equally clear in 

their alignment with the use of the AI tools, and a 

"scaffolding" process for these then should gradually 

release responsibility for the student's use of the AI 

tools to the learner, otherwise pedagogical integrity 

(Adamakis & Rachiotis, 2025) is not maintained. 
 

Theme 2: The Reliability and Bias of Detection 

(Addressing RQ2) 

The most relevant discovery with respect to RQ2 is the 

"unreliability of algorithmic surveillance". The 

findings of both (Dalalah and Dalalah, 2023; Bassett et 

al., 2026) make a strong argument for the transfer of 

responsibility regarding academic integrity from AI 

tools to human judgment. It's explained that these 

instruments are vulnerable to “adversarial attack,” 
which is essentially the process of tweaking AI-

generated text to evade detection, but also original 

human writing. 
 

Moreover, the "two-channel hierarchical attention 

mechanism" (Chang et al., 2023) and "transformer-

stacking frameworks" (Hoque et al., 2025) that have 

been employed in cutting-edge text classification 

models reveal that AI can indeed identify AI, but only 

with a rather large "socio-linguistic bias. The second 

issue is that, as Jiang et al. (2024) stress, the bias 

against non-native English speakers is an inherent 

property of the way these detectors work: they "have a 

prejudice against 'low perplexity' and 'predictable 

syntax', both of which are characteristics of ESL 

writing". This puts international students into a 

“double jeopardy” because they are more likely to be 

subject to checks for academic integrity anyway.  

 

Table 4: provides an overview of technical hazards to detection found in the literature. 
 

Limitation Type Description Key Reference 

False Positives Human work is misidentified as AI-generated. Dalalah & Dalalah (2023) 

Linguistic Bias Penalization of ESL students' formal syntax. Jiang et al. (2024) 

Evasion "Humanizing" tools that bypass detection. Bassett et al. (2026) 

Low Reliability Inconsistent results across different LLMs. Younas et al. (2025) 
 

Theme 3: Redesigning Assessment for the AI Era 

(Addressing RQ3) 

In response to the integrity gap, the literature 

overwhelmingly indicates that there should be a shift 

toward “Contextual Assessment Design” (Gonsalves, 

2025). According to Chuang and Yan, (2025) 

"Language assessment" needs to progress from 

focusing on the final product to the "process of 

writing. This involves the use of oral vivas, in class 

supervised writing, as well as "AI-reflection logs", in 

which students record their communication with 

GenAI tools. Even if such AI is used, this “process-

oriented” approach requires the student to show how 
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and why the content was created, and to show 

understanding of the process. 
 

However, a global perspective is offered by Cabrera 

Vélez et al. (2026) which states that in South 

American higher education the emphasis is on 

"assurance of integrity" through community-based 

learning, rather than technical issues. This corresponds 

to the model of “AI-permissibility” rubrics, discipline-

specific and university-wide, proposed by Khairullah 

et al. (2025) under the umbrella of “responsible 

strategic leadership”. For example, a creative writing 

class might require the exclusion of AI, but a computer 

science class may require that the AI be used for code 

optimization. Unlike a 'blanket ban' approach which 

failed to work, this approach helps to have a more 

nuanced understanding about what is happening. 
 

4. Results and Discussion 

Summary of Thematic Findings 

Through thirty thematic analysis sources, it is revealed 

that the thematic area of the 'AI crisis in education' is a 

'crisis of assessment' in education. The research 

concluded that AI detection tools, despite their techno-

logical sophistication (for example, the "transformer-

stacking framework" (Hoque et al., 2025), have the 

following limitations: sociologically faulty and 

ethically problematic. Switching from 'product' to 

'process' is not just a move but an issue of structure the 

only way to sustain the value of the degree. 
 

Table 5: A brief overview of the main findings based on the research questions. 
 

Research Question Key Finding Primary Evidence 

RQ1: Pedagogical 

Impact 

AI support through "scaffolding" enhances engagement, while 

"cognitive offloading" potentially stifles critical thinking. 

Long et al. (2026); Bhatia 

et al. (2026) 

RQ2: Detection & 

Bias 

Detectors are not reliable and systematically disadvantage for 

people whose primary language is not English. 

Jiang et al. (2024); Bassett 

et al. (2026) 

RQ3: Assessment 

Redesign 

Change from "output-based," to "process-based" and "contextual" 

assessment. 

Gonsalves (2025); Chuang 

& Yan (2025) 
 

Research Reflections 

The sector is in a transitional period, reflected in the 

study. To sum up, the scenario for higher education in 

the future is not "AI-free" but rather “AI-negotiated,” 
as per (Kasneci et al., 2023; Gallant et al., 2026). The 

most important, or pivotal, observation is that this is 

not a “technical problem” of AI cheating, but in fact a 

“pedagogical problem” of assessment design. The 

institutions were the ones who think of GenAI as a 

"cheating machine" will not be able to prepare their 

students for the environment where people think of it 

as an “efficiency machine.” Based on the synthesis of 

literature, the human element or the unique worldview 

of students is the starting point to be considered for all 

pedagogical strategies in the future. 
 

Advice to Regulators and USA Law Schools 

The challenge for USA Law Schools is that legal 

practice is undergoing significant transformation due 

to GenAI for document review, discovery and 

drafting. In this context, regulators like the Office for 

Students (OfS) and the Solicitors Regulation Authority 

(SRA) ought to think about a three-part approach 

which puts ethical skill above technical checking. 
 

Mandating the requirement for “AI Literacy” should 

be part of legal ethics training. Incorporating LLMs 

into legal research comes with its share of hazards, 

known as "hallucinations" and "data privacy". About 

extremely precise disciplines, Nassi-Calò, (2025) 

points to the risk of "automated inaccuracy. Second, 

don't use AI detectors as only evidence of misconduct. 

However, because of the "bias against non-native 

speakers" (p. 980), such use could result in unequal 

outcomes and potential legal challenges under the 

Equality Act. 
 

Third, promote "Authentic Assessment" reflective of 

the law profession. One option is for schools to ask 

students to critically edit a contract produced by an AI 

or fact-check a case summary produced by an AI. 

Content production followed by critical evaluation of 

outputs illustrates an agency evolution of students, as 

Ramezani and Wagner, (2025) describe. Law Schools 

can continue preserving professional integrity as they 
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embrace technology by helping students become 

“curators” of AI outputs. 
 

5. Conclusion 

Generative AI will be a permanent tool in education. 

However, as this report shows, there are serious 

consequences that come with the intersection of 

emerging AI tools and academic integrity, ranging 

from “contract cheating 2.0” to systemic algorithmic 

bias. More technology will not solve these challenges, 

but a change in pedagogy will. "Responsible strategic 

leadership" and "contextual assessment design" are 

two important guiding tools that allow institutions to 

preserve their degrees' worth in a world that is 

augmented by AI, while also empowering students. 

More emphasis should be placed on a "human-in-the-

loop" approach, focusing on the student's perception of 

learning, and especially on achieving their educational 

goals. It is not about AI and technologies, but about 

how we inspire the community. This commit is to the 

integrity of the future University. 
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